This study uses exploratory factor analysis and structural modelling to determine individual determinants that are likely to influence financial trading behaviour. A questionnaire was collected form 179 individual investors who traded in the United Arab Emirates. The study has determined three likely independent variables; namely, investors' perception of information asymmetry, market perceptions and overconfidence, that may predict investor's risk attitude. The findings are congruent with existing literature in this field, and add knowledge to the relatively new field of financial behaviour. These findings may provide valuable guidance for researchers and practitioners in understanding what may influence the risk attitude of investors and to explain possible reasons for inefficiencies of markets. Additionally, the study demonstrates the relevance of using structural modelling for understanding relationships between factors influencing financial behaviours, and in developing a behavioural framework. 
Introduction
As an attempt to explain the rationality behind financial decisions and the potential causes of market inefficiencies, Behavioural Finance is a relatively emerging field (Sewell, 2010) . Understanding individual Behaviour is critical for soliciting determinants that may affect an individual's decision making process (East, 1993) . The purpose of this study is to identify such determinants, while particularly focusing on the attitude of investors towards risk; which the literature classifies into three types: risk aversion, risk neutrality and risk inclination.
The literature on financial Behaviour that concentrates on the Middle East is limited, while that specifically using structural equation modelling to model investors' Behaviour is rare. Structural Equation Modelling (SEM) makes it easier to model complex relationships between a set of variables in a more flexible way than ANOVA or regression (Biza-Khupe, 2012) . Also, Structural equation modelling caters for scale validity measures, the ability to select among competing models, and the ability to handle multiple depended and independent variables (Chau, 1997; Cheng, 2001) . Our study contributes to the emerging literature on financial Behaviour by determining the relationship between four factors; perception of information asymmetry, market perception, overconfidence and risk attitude. Using SEM, our results suggests that there is good relationship between these four factors. Our research results have practical implications for both market regulators and researchers to assist them in understanding the different psychologies of individual investors.
The reminder of the article covers the literature on factors influencing investors' Behaviour, which is followed by a description of the research design and results. We conclude the paper with a discussion of major findings and areas for future research.
Literature Review
Xiao (2008) argues financial Behaviour research has evolved around a) describing financial Behaviour, b) understanding financial Behaviour, c) predicting financial Behaviour, d) changing financial Behaviour, and e) developing new financial Behaviour. Previous studies have also shown that attitudes towards risk can be associated with investment Behaviour (Wood & Zaichkowsky, 2004; Funfgeld & Wang, 2009) . Demographic factors such as age, education, income and wealth have also been confirmed to have an impact on investor's attitude (Schooley & Worden, 1999; Barber & Odean, 1999; Riley & Chow, 1992; ) . Schooley and Worden (1999) found that investors with higher education levels possess higher percentage of equity securities in their portfolios.
Some investors are sensitive to risk and have fear of loss. MacCrimmon and Whrung (1995, p .1) define risk propensity as "willingness of people to take risks". Another important factor influencing the financial Behaviour of investors is cognitive bias; where the investor makes their decision based on previous performance (Oslen, 1997) . De Bondt (1998) argues that investor decisions are biased towards the success or failure with previous experience. Cognitive bias, is somewhat related to overconfidence, a feeling that investors develop implying that good things will happen to themselves more than others (Weinstein, 1980; Kunda, 1987) ; it is mere overestimation of their ability to perform better than others.
Other authors in an attempt to understand the financial Behaviour of traders, such as Gopi et al. (2007) have used theory of planned Behaviour (TPB) in predicting intention to trade online. Similarly, Alleye et al. (2011) have introduced the risk propensity to measure the investment intention among future investor using TPB. The results of their study indicated that risk propensity is one of the predictors of investment intentions.
Researchers have also examined the importance of financial literacy, which has a positive effect on financial Behaviour (Bernheim, Garret & Maki, 2001) . Hussein et al. (2009) for example have assessed the financial literacy of the UAE investors who invest in their local market. Their study indicated a significant relationship between financial literacy and investment decisions, and concluded that "financial literacy is far from the needed level".
Financial knowledge may be categorized as objective and subjective knowledge (Friestad, 1995) . Objective knowledge is tangible, unbiased and measurable, while subjective knowledge is about one's belief and perceptions of knowledge. In other words, "subjective knowledge" can be thought of as including an individuals' degree of confidence over his/her knowledge, whereas objective knowledge refers only to what an individual actually knows" (Brucks, 1995, p.5) . Campbel and Kirmani (2000) simplify that Subjective knowledge reflects the self-confidence in making decisions, while objective knowledge assists in processing information analytically by applying knowledge from memory (Bettman & Sujan, 1987) . Daniel et al. (1998) have examined the investor's overconfidence in terms of their under and overreaction. Investors are susceptible to overreaction in response to news about economy, politics companies, etc., which in turn affects their decision making process (Daniel, 1998) . Other researchers have shed light on the herding Behaviour, which is based on the belief that many people tend to mimic, by following actions of others, rather than acting on their own information (Graham, 1999; Devenow & Welch, 1996) . In addition to these, there are many other theories and concepts that attempt to explain financial Behaviour, for example see the works of Barberis (2003) with reference to a survey of Behavioural finance. This study contributes to this growing body of knowledge to understand Behavioural finance.
Method and Participants
As mentioned earlier, the purpose of the study is to explore prevalent constructs that have the highest tendency to influence investor's risk attitude, with a specific focus on the United Arab Emirates. A closed ended questionnaire was developed, with aid from existing literature and prior experience of the researchers, as the mode for data collection. The questionnaire was directed to measure investors' perceptions using six variables: The questionnaire items were worded to capture investors' attitudes, perceptions, and actual Behaviour, and were measured using Likert Scale. Additionally, we collected demographics details. The questionnaire was initially tested for clarity in both Arabic and English languages. We used a purposive sample; the questionnaire was distributed to individual investors while they attended securities market in four major cities in the UAE. The data collection was carried out over a period of approximately six months. To ensure accuracy, the data was collected by a research assistant.
A total of 179 investors participated in this study and responded to the questionnaires. After data cleansing, 166 of these were usable for analysis. The individual investors belonged to different age groups, with 48.4% being ranging between 20-30 years and 51.6% being over 30 years of age. Other demographic details are indicated in Table ( As indicated in the table, only 11.5 % of the surveyed investors were full time stock traders. Of the remaining, participants, they either held a full-time job (58.8%) or were self-employed (19.8%). The respondents' trading Behaviour also varied across the sample. 52.2% had less than two years of experience in trading while 47.8 % had experience of more than two years.
In terms of frequency of trading, 31% of the investors had one or more transaction per day, 34.2% had one or more transactions a week, and 34.8% had one or more transactions per month. Overall, the investment amounts were fairly large. 35.1% of investors traded between 50,000 to 300000 AED. While 32.5% had invested more than 300,000 AED and 29.2% had invested less than 50,000 AED.
Analysis
At the outset of the analysis, we started with 36 constructs measuring the above-mentioned six variables. Exploratory analysis was carried out to identify the latent variables from the original set of variables (Harrington, 2009) . Table ( 2) lists all the variables and items that were considered for the analysis: Bartlett's test is used to verify whether a sample qualifies for a multivariate normal distribution. While the Kaiser-Mayer Olkin test (KMO) confirms the sufficiency of the data obtained from a sample. Exploratory analysis was carried out using SPSS version 18. The KMO value of the data was found to be 0.79, which is acceptable when above 0.50 (Marshall et al., 2007) . The Bartlett's Test of Sphericity was also significant (x2 = 727.972; df =153; p=.000<.05).
The anti-image matrix was generated, and removed all items that were below 0.5 (Marshall et al., 2007) . This was followed by using different rotational methods. The best result concerning the factors items was achieved with Varimax technique of orthogonal rotation, resulting in four factors with eigenvalue higher than 1 and also suppressing all loading values below 0.5. Table ( 3) shows the items and item loadings, which varied from .501 to .822. The accumulated explained variance for the four factors was calculated at 55.294 and its eigenvalue was 10.90. Further examination of the items revealed them to be meaningful and coherent among the aligned factor items. Consequently, they were named "Market Perception", "Overconfidence", "Information Asymmetry" and "Financial Literacy".
Following the factor analysis, reliability or internal consistency measures was carried out for each factor using Cronbach's alpha. We also checked for the possibility of removing any other additional factors in order to improve the reliability. The Cronbach's alpha, as highlighted in Table ( 3), for the four factors were: 0.85, 0.70, 0.78, and 0.68 respectively. The Cronbach's alpha for the fourth component was slightly below the recommended minimum of 0.7 of acceptable reliability (DeVellis, 1991 , Spooren et al., 2007 ; however the component was retained since the study at this stage is exploratory (Hair et al., 1998) . The other three factors have good reliability, indicating that the survey items appropriately measured the underlying constructs.
A Measurement Model was then constructed based on the four derived factors. The software AMOS version 18 was used to construct the measurement model and to carry out confirmatory factor analysis. Moreover, p-values for the regression weights and fit indexes were calculated. To account for missing data during the analyses, maximum likelihood estimates were used and the Full Information Maximum Likelihood algorithm.
After inspecting, the p-values for D01 and D02 (financial literacy) were removed from the model since they are not significantly different from zero, at the 0.05 level (two-tailed).
Another analysis was carried out using only three factors and suggestions for modification of indices was used to improve the model fit (Harrington, 2009) . Modification was only carried out within the same factor. Error covariance between item e1 and e2, e5 and e6, and between e8 and e12 were added.
Overall goodness of fit was measured using different types of fit measures (Hair et al., 1998; Hoyle, 1995; Kline, 1998) ; namely χ2/ degree of freedom ratio (CMIN/DF), RMR the root mean square residual, Comparative Fit Index (CFI), the Bentler-Bonnett Fit Index (NFI), the Tucker-Lewis Fit Index (TLI), the adjusted goodness of fit index (AGFI), and root mean square error of approximation (RMSEA).
The recommended values for CFI, NFI and TLI should be higher than 0.9 and close to 1.00 (Kline, 1998; Bentler, 1990; Byrne, 2001) . RMSEA values for good model fit should be less than or equal to 0.06 (Hu and Bentler, 1999) . A value of 0.05 or less is considered low and indicates a close fit of the model in relation to the degrees of freedom (Brown, 1993 and Hu and Bentler, 1999) . For CMIN/DF, a ratio of less than 1.5 is considered to be very good, while a ratio of less than 2.00 is good (Kline, 1998) .
The analysis resulted in CMIN/DF = 1.286, RMR = .084, GFI=.917, AGFI=.885, NFI=.848, TLI= .952, CFI=.960, and RMSEA =.042. This implies that the model offers a good model fit and the three factors provide good structure. 
Figure (1) Measurement Model
As we have mentioned earlier, this study is exploratory and has no hypotheses to test. Therefore, in the next stage of the analysis, we proceeded with converting the measurement model to a structural equation model (SEM) to infer any causal relationships among the three factors; overconfidence (OC), information asymmetry (IA) and market perception (MP). The risk attitude factor at this stage is introduced to the structural model to see if these three factors can be predictors to risk attitude as the depended variable. The risk attitude factor was measured using 2-item scale, see Table ( 2). Different models were then constructed by either adding or removing paths and by changing the direction of direct effects (Kline, 1998) . A search for alternative competing models was carried out using specification search provided by AMOS, which resulted in seven different models. Model seven shown in Table (6) is the most plausible model based on the calculated results. 
Figure (2) -Structural model with risk attitude included
Model seven had the lowest AIC and BCC (equal to zero). According to the guidelines of Burnham and Anderson (1998) , values ranging between 0-2, are an indication that there is no credible evidence that the model should be ruled out as being the best model for the population of possible samples (p.128). RMSEA also had the lowest value of .051. Additionally, we examined the regression weights, table (1), where all paths were found to be significant. All in all, the model can be complied as a good model fit, and the three factors can be considered as good predictors for determining risk attitude.
Overall goodness of fit for structure model number 7 was calculated and resulted in CMIN/DF = 1.432, RMR = .104, GFI=.893, AGFI=.857, NFI=.802, CFI=.928, RMSEA =.051. Figure 2 depicts the path diagram concerning the standardized results from the analysis. Table (7) shows the regression weights for the final measurement model, all paths are significant. 
Discussion
The purpose of this study is to explore determinates that may influence the Behaviour of financial investors. Through exploratory factors analysis and SEM, we were able to determine three factors that exhibit an influence on investors' Behaviour. The final model is depicted in Figure 2 and plausibly explains the constructs impacting investors' risk attitude. The model indicates that risk attitude relates with investors' perception in terms of three factors; availability of trading information (information asymmetry), how investors perceive market situations, and their level of self-confidence or overconfidence. These set of factors tends to explain the inefficiencies of markets (Shleifer, 2000) .
The proposed model may be justified and explained using previous studies on cognitive bias. Investors are usually grouped according to their risk attitudes i.e. risk averse, risk inclined or risk neutral. Assessment of the risk attitude of investors is of importance in the domain of financial and economic activities to understand their beliefs, emotions and decision making processes.
This study makes several contributions, firstly, the study indicates that the financial literacy of UAE investors, rely less on technical analysis (16.77%) or fundamentals (12.4%) to aid their decision making process. Thus, most of the investors are not guided by quantitative methods.
Secondly, in our developed model, investors' risk attitudes are influenced predominantly by their level of overconfidence, or how they view their own abilities (Shefrin, 2007) . The level of overconfidence rests on investors' perception of their own knowledge, and rises with the belief of knowing more than others (Hilton, et al., 2011) . Individuals perceptions are prone to errors due to various biases such excessive optimism, overconfidence, confirmation bias, and the illusion of control (Shefrin, 2007; Trivers, 1991) . According to Shefrin (2007) , overconfidence may result in overestimation, which may further lead to either favourable or unfavourable outcomes and can also underestimates risk or to perceive risk correctly (Mueller & Brettel, 2012) .
As mentioned earlier, overconfidence in the model is a criterion that influences the risk attitude of individuals. Previous studies have indicated that overconfidence also leads to exposure to higher risk. Therefore, higher exposure may be used as a proxy for overconfidence (Barber & Odean, 2000 Odean, 1999) . The present study indicates that excessive trading by investors was possibly caused by overconfidence. When the respondents were asked about the frequency of trading, it was noted that 31% of investors traded more than once per day, while another third traded once per week. According to the theoretical models developed by Odean (1998) and Gervais and Odean (2001) , overconfident investors will frequently engage in more costly trading more than rational investors, thus leading to overestimating their expected profits. Odean (1998) argue that overconfident investors may deceivably believe that they have more information, thus will trade more, resulting in reduced returns.
Self-attribution is considered as an important source for overconfidence, as confirmed by Yenshan and Cheng-Yi (2010) . In their empirical study, they provide evidence that overconfidence, augmented by self-attribution bias, plays an important role in differentiating Behaviour in investment performance between infrequent bidders and frequent bidders. Kuo and Lin (2013) , also argue in their study that excessive trading can by hazardous to the wealth of individual investors, but only to the overconfident losers, but not to informed or skilful winners.
Market perception is another factor that has direct relationship with the risk attitude of investors. Perception is how we view our world; what we see or fail to see in it, and what we may see that isn't there (Herrmann-Keelin, n.d). It is the framework through which we see our personal world. Under this variable a number of concepts may affect how investors perceive the market and the factors impacting their perceptions. For example, the concept of confirmation bias, i.e. giving high importance to only that information which supports a trader's views and beliefs. Traders may spend a lot of time seeking information to reason and confirm their views. The amount of information investors hold, combined with their reasoning, will form their mind-sets towards risk attitudes (Edwards 1954 , 1992 , Hogarth 1987 , Kahneman & Tversky 1979 , Weber & Camerer 1987 .
Our model also depicts that information asymmetry may have indirect relationship in influencing the risk attitude of investors. Information asymmetry is the existence of a tradeoff between the desire to learn and the desire to prevent an opponent from learning private information. The concept gives advantage only to those who have access to that information.
Kun Chang et al. (2008) in their study have argued for the importance of the quality of the financial information provided to individual investors through companies' web sites since it affects the investors' decision quality. The study by Lawrence (2013) revealed that higher quality financial disclosures by firms encourage individuals to risk and invest more. The importance of information access has also been confirmed by examining insiders who have access to relevant information about the firm's performance, in a study by Van Geyt et al (2013) , shows that insiders benefit from inside information during financial crisis trading, and which resulted in higher profits.
Furthermore, investors do not like situations where they are uncertain about the probability of outcomes (Ellsberg, 1961) , and such situations leads to ambiguity aversion. Heath and Tversky (1991) argue that ambiguity aversion signifies the confidence individuals have about accessing given information. Therefore, investors' access to information may also influence their perceptions towards markets Behaviour, and may lead to overconfidence of the investor.
The three determinates overconfidence, information asymmetry and market perception, may in total contribute to the affective altitudes of the individual investor, which may affect their risk inclination. The importance of affective attitudes for financial decisions making is well supported in the literature (Goetzmann & Zhu, 2005; Subrahmanyam, 2008) . For example the study by Kempf et al. (2013) supports that affective attitude is an important factor in the estimation of a stock's risk and return. Kempf et al. (2013) argue that investor's positive affective attitude overweight stocks, because they believe stocks to be more profitable and less risky as an investment. Also, Grable and Roszkowski (2008) in their study revealed clients in happy modes are susceptible to projection bias and lead to overestimation of an investor's risk tolerance level.
Finally, another important contribution of this study is the use of structural equation modelling to explain financial Behaviour, since, most of the previous studies on investors' financial Behaviour are more based on bivariate and multivariate modelling approaches.
In summary, the results of this study provide strong empirical support for the proposed model in identifying determinants that are closely associated with the risk attitudes of individual investors. These findings may provide valuable guidance for researchers and practitioners in understanding what may influence the risk attitudes' of investors. Access to information, market perception and overconfidence showed predictive capacity with respect to risk attitudes of individuals. However, the model is preliminary and requires further validation. Future studies should test the model on a larger sample, in a variety of settings, and also account for possible moderating effects of risk attitude on the relationship between the independent variables (Market perceptions, overconfidence and Information asymmetry).
Future studies could also examine the results across demographics variables, and assess them with respect to factors that determine financial Behaviour.
